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Abstract

On the public service platform, resource integration and scheduling based on big data
drive is the foundation and key of value creation of public service resources. This paper
analyses the possibility and mechanism of value creation of superior resources on big
data-driven public service platform, puts forward the path of value creation of public
service resources, and deeply studies the resource intelligent allocation strategy based
on public service platform in big data environment. In view of the unstructured
characteristics of public service resources, this strategy introduces the concepts of
connection depth and connection breadth of ontology tree, optimizes the calculation of
ontology semantic distance and similarity function, and proposes a hierarchical intelligent
public service resource allocation algorithm for the massive and substantial data and
resources on public service platform. This strategy can not only realize rapid rent-
seeking and accurate matching of resources on public service platform, but also
integrates and intelligently allocates resources according to the needs and tasks, greatly
reduces the generation of fragmented resources, reduces the difficulty and complexity of
resource management by independent stakeholders, and expands the space of resource
value creation.

Keywords: Public service resources, ontology semantic distance, value creation.

1. Introduction

The growth of big data is advancing at an astonishing rate, exerting a profound impact on society, economy,
human life, and scientific research, becoming a defining characteristic of today's information society. From a
management perspective, big data serves as a new paradigm and a driving force for innovation, offering societal
interpretations with data footprints and transforming data from mere objects of processing into vital strategic
information resources [1]. This not only aids in the quantitative research of social sciences but also fosters the
emergence of computational social science, which holds significant strategic importance.

Public service platforms are the primary venues for governments and their related departments to optimize
resource allocation, establish effective mechanisms for the supply of public products and services, and meet the
basic demands of the populace for these offerings. They are not only the most extensive manifestations of the
service functions of governments and related departments but also one of the main application scenarios for big
data. The deep integration between the two can shift the focus of value creation from within enterprises to co-
creation with external complementors, providing society with more accurate and effective public products and
services. This reflects dynamic social sharing relationships and value and further gives rise to the economic,
interactive, repeatable mining, and sticky characteristics of big data [2].

Firstly, public goods and public services possess the characteristics of "non-rivalry" in consumption and "non-
excludability" in benefits, which have always been on the periphery of markets and governments. Relying solely
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on government vertical management or market mechanisms, it is challenging to achieve compatibility between
market interests and public interests [3]. Public service platforms, with their typical network externalities and
channel characteristics, can integrate resources on demand, facilitate transactions, unify scheduling, and
optimize allocation at a very low marginal cost under the drive of big data. This not only promotes collective
action in public goods and services but also enriches and diversifies their forms and supply modes [4],
enhancing the self-help capabilities of collective action [5].

Secondly, the transparency, openness, and ecological nature of public service platforms can not only break the
boundaries of traditional enterprises and individual systems but also awaken the "sleeping data" [6] of
stakeholders. Moreover, they can leverage their platform characteristics to "cleanse" big data [7], eliminating
noise and significantly improving its usability [8]. Big data, through its knowledge feedback, can guide the
practice of resource value creation on public service platforms, promoting interactive, repeatable, and supportive
decision-making among the platform and various stakeholders.

Thirdly, public service platforms are characterized by platform flattening, coexistence of multiple modes, lack
of unified rules, and complex structures and application types. Driven by big data, as carriers of resource
transactions, they demonstrate advantages over traditional markets, such as being more transparent, having
lower transaction difficulty, and easier resource management. That is, under the drive of big data, public service
platforms can integrate and centrally dispatch dispersed social resources globally, significantly reducing market
friction and the cost of resource transactions. This not only fully unleashes the natural attributes of decentralized
decision-making in resource transactions, making them more compatible with flexible market mechanisms, but
also, as a new model and means of resource management, the integration of big data and platform models
directly opens up the value creation space for public service resources in production, transactions, and
circulation.

Regrettably, there are still some theoretical gaps between the deep integration of public service platforms and
big data and their positive mutual reinforcement, such as the incompatibility of big data with traditional resource
management modes and data processes. Specifically, public goods and services are mainly provided through
physical resources, which have many characteristics different from computing resources, such as non-
replicability, non-instantaneous scheduling, and physical exclusivity. Therefore, when dealing with big data
oriented towards physical public service resources, its acquisition, storage, description, processing, and mining
processes are significantly different from traditional data models [9-10]. Secondly, the traditional centralized
data processing framework is incompatible with the massive, distributed, and heterogeneous characteristics of
big data, failing to discover and reflect the underlying knowledge of big data, resulting in the data obtained by
the public service platform being merely "big" data, not necessarily valuable "good" data. Thirdly, the resources
on the public service platform come from a vast number of entities with various forms, leading to non-uniform
standards, uneven quality, and data silos between departments on the platform. Currently, the theoretical
community is still exploring the processing, analysis, and algorithm design of big data, and the research on
strategies for public service resource rent-seeking and matching driven by big data in platform situations is still
shallow, limiting the in-depth expansion of the value creation space for public service resources. Fourthly, it is
difficult to evaluate the effectiveness of value creation of public service resources driven by big data. Public
service platforms find it hard to calculate the cost of obtaining big data and its contribution to specific
businesses, making it difficult to manage and evaluate big data like tangible assets, resulting in the marginal
benefits obtained by the public service platform through big data being hard to offset its marginal costs.

In summary, this paper aims to explore the integrated scheduling of resources through public service platforms
under the drive of big data. The article focuses on analyzing the possibility and mechanism of value creation of
superior resources on big data-driven public service platforms, and proposes innovative means of value creation
and pathways for the reconstruction of value chains. The theoretical contributions of the paper are as follows: (1)
It provides new perspectives and methods for the effective management and maximization of value of public
service resources; (2) By employing intelligent configuration strategies driven by big data, it promotes the
efficient use of public service resources and the improvement of public services, particularly in rural and remote
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areas; (3) It advances the deep integration of public service platforms with big data technology, providing
theoretical support and technical assistance for the formulation of relevant policies and practical operations.

2. Value Creation Pathways for Public Service Resources from a Platform Integration Perspective
Driven by Big Data

2.1 Reconstructing the resource optimization allocation model

The personalization of demand has led to the diversification of public products and the shortening of their life
cycles. This not only increases the complexity of managing public service resources but also raises the risks
associated with their operation. Under traditional resource management models, resource allocation often takes
place within a single enterprise or a few enterprises. This results in insufficient utilization rates, an inability to
quickly meet user needs, poor supply chain collaboration, and under-realized resource value, highlighting the
supply-demand conflict. In the era of big data, the integration of dispersed public service resources through
platforms can break the constraints between ownership and management rights of these resources. Driven by big
data, superior resources belonging to different stakeholders can be rapidly and transparently encapsulated and
combined according to demand. That is, the public service platform aggregates advantageous resources on-
demand during the resource allocation process, and this process is transparent to both the supply and demand
sides [11]. This significantly improves the success rate of resource transactions, utilization rates, and customer
satisfaction. It reduces not only the cost of the system's resource transaction matching but also the management
difficulty for both parties involved in resource transactions. It provides a broad, personalized, and universal
resource usage environment for all stakeholders [12], promoting the cross-integration of different public service
resources. Moreover, it overcomes the profit-seeking behavior of resource owners based on bounded rationality
and achieves coverage of public service resources in rural and remote areas, opening up space for the upward
transformation and creation of social and economic value of public services.

2.2 Reconstructing products and markets

Enterprises, leveraging the Internet and platforms for frequent interactions with users, generate massive amounts
of data. Through big data user profiling analysis, businesses can establish a more precise user attribute tagging
system, revealing the secretive, complex, dependent, and changeable needs of users. This brings the implicit
consumer market to the fore, providing opportunities to capture product differentiation and repositioning,
ultimately promoting product restructuring and the redefinition of market boundaries [13]. In the public service
sector, when the utilization rate of public service resources is significantly improved under the new resource
allocation model, not only can the public service needs of more citizens (especially those in rural and remote
areas) be effectively met, but providers of public goods and services can also integrate societal demands into
their entire production lifecycle driven by big data. This leads to the proposal of unique value propositions,
obtaining sustainable core competitiveness, and creating more social public value.

2.3 Innovation in Value Creation Methods and Restructuring of Value Chains

The integration of dispersed public service resources by platforms can address the "fragmentation of resources,"
while big data can uncover the operational trajectories behind these resources to reveal hidden patterns and
knowledge. The combination of the two can solve bottleneck issues in key segments of the current public
service domain [14]. For instance, it can aid in demand forecasting and defense against market uncertainty in the
procurement phase; intelligent scheduling, resource planning, and process simplification in the production phase;
user demand matching, inventory turnover rate improvement, and enhancement of product recommendation
systems in the sales phase; and information dissemination and sharing, upstream and downstream enterprise
collaboration, and "bullwhip effect" synergy in the operational management phase.

Moreover, by mining big data, the underlying patterns can be transformed into visual and actionable knowledge.
This not only allows various participants on the public service platform to perceive the influx of knowledge and
the resulting benefits but also reduces their management costs for their own resources and data information,
making them less resistant to the spillover of data and knowledge [15]. Therefore, whether the relationships
between various participants on the public service platform are horizontal competition or vertical supply, under
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the drive of big data, their coupling relationships will be tighter. That is, the density between various
participants on the public service platform will increase, the average path will be shortened, and the speed of
collaborative innovation transmission and sharing on the public service platform will be enhanced [16]. The
trust relationships and embedded intensity between various participants will continue to strengthen, and the
cooperation of complementary resources between different participants will become more frequent and close.
This will inevitably innovate the way public service resources create value and restructure the organizational
form of their value chains.

From the above, it is evident that by leveraging the integration of globally dispersed resources on the public
service platform and optimizing the dynamic allocation method of public service resources driven by big data,
the boundaries of the public service market can be reconstructed, public goods and services can be innovated,
and more value of public service resources can be created.

3. Dynamic Configuration Strategy for Public Service Resources Driven by Big Data

From a technical perspective, the essence of value creation for public service resources based on platform
integration and big data drive is to innovate the way dispersed resources are configured on the public service
platform under the drive of big data. Based on this, this paper takes into account the data characteristics of big
data and the public attributes of the public service platform, and proposes a dynamic configuration strategy for
public service resources driven by big data in a platform context. This strategy can be specifically described as
follows:

Step 1: Design a formal description model optimized for semantic distance to describe the multi-source
heterogeneous physical resources on the public service platform.

Step 2: Considering the volume of data on the public service platform and the time cost of resource rent-seeking
and matching, use a coarse-grained filtering strategy to filter the status and type data of resources, thereby
significantly reducing the matching time between the supply and demand sides of public service resources and
improving the speed of matching.

Step 3: For public service resources that meet the requirements of Step 2, perform fine-grained filtering
according to the capabilities and service quality of the resources to further meet the requirements of the demand
tasks.

Step 4: Collect the resources screened in Step 3, and sort them comprehensively according to certain conditions
to form a candidate resource pool that meets the matching conditions, providing a basis for the final
configuration and transaction decision of public service resources.

3.1 Formalized description rules for multi-source heterogeneous physical public service resources

The resources on the public service platform come from a wide range of sources and have typical characteristics
of physicality, heterogeneity, and non-structured or semi-structured features. In order to support the public
service platform in identifying, analyzing, comparing, and renting and matching a large number of resources,
and to release the value that cannot be released in the traditional resource allocation model, it is necessary to
fully capture the characteristic attributes of these resources and provide a structured description to eliminate or
weaken the complexity of these resources in terms of underlying structure and type. The first step is to use a
standardized and normalized formal description model to abstract the original form of these resources, providing
a resource base for subsequent dynamic resource allocation and other content-level applications.

Definition: A 5-tuple formal description model is used to describe the physical resources on the public service
platform as follows:

�2 = ⟨������, ���������, �������, ��������, ����⟩ (1)

This 5-tuple description model can be specifically described as:



International Journal of Multiphysics
Volume 18, No. 3, 2024
ISSN: 1750-9548

241

(1) ������: Mainly refers to the basic attributes and characteristics of public service resources, such as the name,
category, traffic, carrier, ownership, and other descriptions of the natural and social attributes of the resources
themselves.

(2) ��������� : Mainly refers to the category attributes of public resources in fields such as science and
technology, education, culture, and health that are oriented towards public services. When describing, it can be
further subdivided according to industry standards. For example, the category attribute of emergency disaster
relief transportation tools can be further subdivided into: freight tools - transport vehicles - box transport
vehicles - cold chain box transport vehicles.

(3) ������� : Mainly refers to the state in which public service resources are when managed and scheduled
centrally by the platform. Public service resources are mainly physical resources, which have many states
different from completely virtualized computing resources, such as physical displacement, available state, usage
time, and frequency, etc., and cannot be unlimitedly copied and instantly scheduled like computing resources.

(4) ��������: Mainly refers to the ability of public service resources to provide services to the platform. Since the
sources and forms of resources on the public service platform are diverse, the service capabilities of the
resources vary. For example, two box trucks with the same basic service capabilities, one can provide GPS
positioning and full traceability capabilities in addition to transportation; the other may be able to provide rapid
automatic loading and unloading capabilities. These service capabilities are parameters that need to be
considered when configuring the supply and demand of resources.

(5) ����: The service quality of public service resources, mainly used to reflect the comprehensive service level
of public service resources, is the last matching parameter in the intelligent configuration strategy of public
service resources, mainly used to give priority to the candidate public service resources that have been screened
to meet the demand tasks.

3.2 Reconstruction of ontology semantic distance and concept similarity

3.2.1 Semantic distance between ontologies

Public service resources have many characteristics different from virtualized computing resources, such as unity,
spatiotemporal exclusivity, and non-replicability. Therefore, it is necessary to extract key features of public
service resources from the perspective of physical resources for hierarchical filtering [17], to control the
integration of quantity and quality of big data from the source, to support semantic comparison on different
contents of the public service platform, and application requirements at different levels.

Ontology is an abstraction of objective things. The semantic distance between two ontologies represents the
degree of similarity between them, that is, the concept similarity. Using semantic distance and concept similarity
functions can evaluate the mapping relationship between any ontologies [18], making multi-source
heterogeneous data and resources consistent in expression and understanding. The existing traditional
calculation method based on semantic distance of concept similarity only considers the connection distance

between ontologies [19], that is, distance(�, �) = length(�, �) ×
�=1

�
 � ��(�, �). The recall rate and precision

rate are not high. This indicates that the traditional semantic distance is not clear and accurate enough in
describing the degree of similarity between ontologies, which will lead to a decrease in the accuracy of resource
supply and demand matching and a waste of computing resources. Therefore, this paper intends to expand the
connotation of the traditional ontology tree semantic distance, in addition to the connection distance in the
traditional ontology semantic concept, the connection depth and connection breadth between ontologies are also
considered, and the semantic distance of the ontology tree is redefined to optimize the calculation model of the
ontology concept similarity.

The semantic distance of the concept node is redefined as follows:
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distance(�, �) = 0, if identical concept

distance(�, �) = �����ℎ(�, �) ×
�=1

�
 � ��(�, �) × �=1

�
 � �� �,�

�����
, if inheritance relationship

distance(�, �) = ∞, if not inheritance relationship

(2)

Where:
distance(�, �) represents the semantic distance between any two ontologies (Ontology A and Ontology B);
�����ℎ(�, �) represents the semantic distance between any two ontologies (Ontology A and Ontology B);

�=1

�

 � ��(�, �) =
�=1

�

 �
1

2�−1
represents the weight function of the connection distance between any two ontologies (Ontology A and Ontology

B), which mainly reflects the connection depth between Ontology A and Ontology B;

�=1

�
 � ��(�, �)

�����

represents the connection breadth between any two ontologies (Ontology A and Ontology B), which mainly
reflects the ratio of the total number of nodes on the inheritance chain of Ontology A and Ontology B to the total

number of nodes in the ontology tree.
3.2.2 Concept similarity function based on semantic distance

The meaning of concept similarity between ontologies is: the shorter the semantic distance between two
ontologies, the higher the concept similarity, and the higher the degree of matching. Based on the optimization
of the ontology semantic distance in the previous text, and considering the scale of the ontology tree, the
traditional concept similarity function based on semantic distance is reconstructed.

The calculation method of concept similarity based on the new semantic distance is shown in formula (3):

��� �, � = 1
1+�×���tan�� �,�

, � ∈ [1,5] (3)

Where:

sim(x, y) is the concept similarity function between Ontology A and Ontology B;

γ

is the adjustment parameter of the ontology tree, mainly used to express the concept
similarity numerically. That is, when the connection depth and breadth of the ontology
tree are larger, a relatively larger value can be taken; otherwise, a smaller value is

taken.

3.3 Intelligent configuration strategy for public service resources

The public service platform integrates a vast array of dispersed resources. In order to enable these resources to
be rapidly and efficiently configured according to demand tasks, this paper designs a dynamic configuration
strategy for public service resources driven by big data.

Step 1: On the public service platform, coarse-grained filtering of public service resources is conducted based on
������ and ��������� . Since ������ and ��������� contain fewer parameters, the computational complexity of
resource matching is low. Therefore, initial screening is first conducted based on these two conditions, with the
expectation of significantly narrowing the range of resource rent-seeking and improving the speed of resource
configuration, where:

D represents the set of task requirements proposed by the resource demander on the public service
platform;

S represents the set of resources provided by the resource supplier on the public service platform;
i=(1, …, n) denotes a specific public service resource, indicated by subscripts;

M() represents the set of resource matching threshold values proposed by the demander;

U represents the set of resource matching results reached by both the resource demander and
supplier.

�1 = ∅; � = ���(�); � ⊂ �;

��� �2 = 1; �2 ≤ �; �2 ++

����.��������() = ���(���������(), ��.��������(0));

/*Calculate the concept similarity of category
R between the supply and
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demand sides of public service resources.*/

����.������() = ���(�������(), ��.������(0));

/* Calculate the concept similarity of status
R

between the supply and demand side of public service resources. */

�� ����.��������(0) ≥ �. ���������(0) I ����.������(0) ≥ �. �������(0) = 1;

/*If the concept similarity between category
R and status

R matches*/

�1 = �� ��1;

Step 2: According to the demand task, each parameter in status
R of the public service resource is screened one by

one, that is, fine-grained filtering, and resources that meet the matching accuracy are placed into the candidate
resource pool. In this step of the configuration strategy, the difficult problem to overcome is: due to the
unstructured characteristics of resources, the description of resources by the demand task and the description of
resources by the resource supplier do not match in terms of the number and type of parameters.

Let c be the parameter of the public service resource service capability; the public service capability required by
the demand task is �������� = ��������(�1, �2, …, ��) ; the service capability information of the public service
resource supplier i is ��.������� = ��.�������(�1, �2, …, ��). Match each parameter in ��.������� one by one.

� = ���(�1); �2 = ∅; � ⊂ �1;

��� � = 1; � ≤ �; � ++

�� ((� ≤ �)I �������(��.�������) = �������(��������) )= 1

/*That is, the number of parameters required by the demand task for ��������

is the same as the number of parameters in the public service resource ��������,

and the content of the parameters is completely consistent*/

� = 0;

���(� = 1; � ≤ �; � ++ )

����.�������( ) = ���(��������(��), ��.�������(��));

/*Calculate the concept similarity for each parameter in ��������*/

�� ����.�������(0) ≥ �. ��������(��);

�2 =− �2 + 1;

/*Let e be a loop counter*/

if (e==m)

/*If all parameters in the public service resource ��������

meet the concept similarity threshold requirements of the demand task*/

����.�������
¯

= 1
�
(

�=1

�
 � ����.�������(��) + � − �);

/*If the number of parameters in the public service resource��������

exceeds the number of parameters required by the demand task ��������,
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then consider the excess part of the parameters as additional or higher quality

service capabilities provided by the public service resource,

and default the concept similarity of this part of the excess parameters to 1.

At the same time, let the concept similarity of the public service resource ��������

that meets the matching requirements,

be the average of the sum of all parameter similarities*/

Step 3: Based on the demand task parameters RQoS, calculate the service quality of each public service resource
in the candidate resource pool, and conduct a more in-depth and specific assessment of the resources that meet
the matching requirements [20]. The challenge of the algorithm in this step lies in the fact that unlike the
parameters represented in structured descriptive language in������ , �������� and �������� , the feature values in
RQoS are quantified, making it impossible to directly calculate their concept similarity using the semantic
distance-based method. A redesign is necessary.

The basic approach is as follows: Establish a matrix A. Let the parameters of the demand task RQoS be the
column vectors of matrix A, where each column represents the evaluation indicators of the demand task for
resources, with importance denoted by weights; let the RQoS of each public service resource in the set U2 be the
row vectors of matrix A; let the optimal value of each column after normalization of matrix A be 1 2 3 4

( , , , )Y y y y y ,
considering it as the optimal value for all resources RQoS in the set U2. Use the Euclidean distance between row
vectors to assess the concept similarity of public service resources RQoS, that is,  sim�.���(��[/], �) = 1 −

�=1

4
 � ��(��� − ��)2 , where the shorter the vector distance, the higher the concept similarity of the public

service resource QoS
R .

Let � =

�11 �12 �13 �14

�21 �22 �23 �24

. . .

. . .
��1 ��2 ��3 ��4

，initialize it to obtain

�' =

�11

�=1

�
 � ��1

�12

�=1

�
 � ��2

�13

�=1

�
 � ��3

�14

�=1

�
 � ��4

�21

�=1

�
 � ��1

�22

�=1

�
 � ��2

�23

�=1

�
 � ��3

�24

�=1

�
 � ��4

. . .

. . .
��1

�=1

�
 � ��1

��2

�=1

�
 � ��2

��3

�=1

�
 � ��3

��4

�=1

�
 � ��4

=

�11 �12 �13 �14

�21 �22 �23 �24

. . .

. . .

��1 ��2 ��3 ��4

=

.

.
�2 /

.

.

.
�� /

Let 
1 2 3 4

. () ( , , , )
QoS

M D Y y y y y .Within the confines of our analytical framework, we engage in the computation of

Euclidean distances between the row vectors   i
X , representing individual public service resources, and the

column vectors . ()
QoS

M D , representing the parameters of demand tasks, within the matrix 'A . This computational
process is pivotal as it quantifies the degree of conceptual congruence between the resource's profile and the
task's requirements, thereby facilitating an objective assessment of their alignment.

� = ���(�2) ;
�=1

4

 � �� = 1;
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���(� = 1; � ≤ �; � ++ )

sin ��,���(�� 0 , �) = 1 −
�=1

4

 � ��(��� − ��)2 ;

In the concluding phase of our analysis, we determine the aggregate conceptual similarity among the candidate
resources and proceed to rank them. This ranking is instrumental in offering accurate data-driven support for the
ultimate decision-making process concerning public service resource transactions.

We conduct a weighted assessment of the conceptual similarities, assigning weights  and  to .i ability
sim and

  .
si ( , )

i QoS i
m X Y , respectively. This approach is designed to realize incentive compatibility in resource

allocation, thereby enhancing the accessibility of public goods and services to rural and remote regions through
the cohesive scheduling mechanisms of the public service platform.

Subsequently, we perform a sorting of all public service resources within the set 2
U , where 3

U denotes the
ensemble of resources ordered based on their aggregated conceptual similarity scores.

� = ���(�2);
�3 = ∅;

� ∈ 0,1 ; � ∈ 0,1 ;
� + � = 1;

���(� = 1; � ≤ �; � ++ )
���i. comprehensive(0) =

� × ����.�������
¯

+ � × Si��.���(�� / , �);
�3 = ����(���i. comprehensive(0)); }

4. Results and Discussion

This paper addresses the issue of resource value creation within the context of a public service platform in the
era of big data. Initially, we recognize the platform as the primary vehicle for the convergence, integration, and
distribution of big data. Big data, in turn, enables the platform to process vast quantities of data more effectively,
uncovering correlations and patterns that provide more precise data support and a basis for decision-making.
Building on this foundation, we propose the notion that 'the integrated integration and allocation of resources by
the public service platform, driven by big data, is an essential means of creating resource value.' Subsequently,
we reveal the path of value creation for public service resources driven by big data from a platform integration
perspective, namely, 'reconstruction of resource allocation models—reconstruction of public product and service
markets---innovation in value creation methods, and restructuring of value chains. Finally, we design a dynamic
configuration strategy for public service resources driven by big data in a platform context. Specifically, we first
devise a quinary formal descriptive model for physical public service resources more suited to the platform
environment, which mitigates the complexity of unstructured and semi-structured public service resources at the
foundational structural and typological levels. Secondly, we introduce the concepts of connection depth and
breadth between ontologies, optimizing semantic distance and concept similarity functions to enhance the
precision of matches between public service resources. Lastly, we develop a multi-tiered filtering resource rent-
seeking and matching algorithm based on different granularities, significantly narrowing the scope of rent-
seeking for massive public service resources on the platform and improving the speed and accuracy of resource
matching.

Based on the foregoing, the research conclusions drawn in this paper are as follows: (1) In the context of a big
data environment, public service platforms can significantly enhance the success rate, utilization rate, and
customer satisfaction of resource transactions through intelligent configuration strategies; (2) Such strategies
enable the integrated and intelligent allocation of resources according to demand tasks, reducing the emergence
of fragmented resources and diminishing the difficulty and complexity of resource management for independent
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stakeholders; (3) By optimizing semantic distance and conceptual similarity functions, the matching between
resources becomes more precise, laying a necessary foundation for the creation of value from public service
resources.

Due to limitations in research capabilities and time, there are still some constraints in this study that warrant
further in-depth investigation: First, considering the need to incline and cover rural and remote areas with public
goods and services, it is necessary to incorporate incentive-compatible weights in the dynamic resource
allocation strategy. If these weights are set too low, the coverage of public goods and services in rural and
remote areas may be insufficient; conversely, it could lead to a prolonged divergence between the scheduling
decisions of the public service platform and the stakeholders, potentially causing a mass exodus of stakeholders
from the platform. Thus, the determination of these weights is a critical issue that requires focused research.
Second, the dynamic resource allocation strategy proposed in this paper does not provide the final decision-
making outcome for resource transactions on the public service platform but rather a collection of public service
resources sorted by the precision of demand task matching. Third, due to the presence of network externalities,
there are many unstable factors in the day-to-day operation of the public service platform. As more stakeholders
join the platform and expand the utilization of resources, conflicts may arise between various goals such as
information disclosure, privacy protection, and the socio-economic demands of multiple stakeholders. In this
context, defining the boundaries of social resource integration by the public service platform, determining the
optimal scale of resource integration, and preventing and overcoming the negative behaviors that result from
opposition are all new challenges facing scientific researchers.
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